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Development of Blast Furnace Operation Data Visualization and Analysis Technology
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Abstract

In order to utilize operation data and sensor data of blast furnace, we developed data visualization
and analysis technology. For visualization of data, a large amount of data on shaft pressure and
stave temperature was visualized in two-dimensionally, and then the spatial change rate and time
change rate of the data were also visualized. As a result, the accuracy and speed of estimation of
blast furnace operation was improved. In addition, the visualization technology of blast furnace
operation state was developed using CbLW-PLS. As for data analysis technology, a prediction
model such as hot metal temperature was developed using “large-scale database online modeling”
applying JIT (Just-In-Time) modeling and machine learning, and its predictability was evaluated.
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Outline of sensor installed in blast furnace®
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